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Fig.3 Schematic diagram of sea clutter suppression
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Fig.4 Prediction by LMS algorithm
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Table 1 Prediction MSE of five sets of datas ( x 10%)

MSE 14 241 34 4 54
LMS 1.6 1.7 2.0 5.1 2.0
NGD 1.5 2.0 22 5.1 2.6
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Sea Clutter Suppression Technique Based on Nonlinear Adaptive Filter

Zhai Dongqi', Jiang Chaoshu'*, Deng Xiaobo®, Luo Jinsheng®, Hu Wen'

1. School of Information and Communication Engineering, University of Electronic Science and Technology of China,
Chengdu 611731, China

2. AVIC Leihua Electronic Technology Resarch Institute, Wuxi 214063, China

Abstract: Sea clutter can seriously affect the radar’s detection of ocean surface targets. In order to improve the detection
performance of ocean surface targets, a sea clutter suppression method was proposed based on a nonlinear adaptive
filter, and sea clutter suppression was achieved. The principle of nonlinear adaptive filter and the method of training filter by
gradient descent method were introduced. Using IPIX radar sea clutter data, considering shore-based radar and airborne
radar, the simulation experiment of this method was carried out. The performance of this method was analyzed from the two
aspects of Mean Square Error (MSE) and SCR Improvement Factor (IF) . And compared with LMS algorithm based on
linear prediction, it is concluded that this method is better than linear method for detecting slow targets.
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