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100 190,54 22953 7 4 95.83175
101 190,54 229.53 7 4 95.74487
102 190.25 22958 7 4 9565793
103 189,81 229.58 7 4 956289
104 189,81 229.58 7 4 95.54189
105 189.5 229.55 7 4 95.51282
106 189.04 229.59 7 4 95.48377
107 189.04 22959 7 4 9539727
108 18861 22952 10 4 95.31063
\109 1885 22957 10 4 /[ 9522367
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Fig.3 Example of fuel sequence data
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A Fuel Measurement Method Based on Time Series Data

Guo Yibo', Li Shunyao', Chen Yanhua', Shang Zhihao', Pan Jun?, Liu Yi?, Zhu Hongyu?, Xu Mingliang'
1. Zhengzhou University, Zhengzhou 450001, China

2. Aviation Key Laboratory of Science and Technology on Aero Electromechanical System Integration, AVIC Nanjing
Engineering Institute of Aircraft Systems, Nanjing 211106, China

Abstract: In order to meet the requirements of modern aircraft for fuel measurement accuracy and stability, the field
of aircraft fuel measurement is explored, and a time series-based aircraft fuel measurement method is proposed,
which treats fuel data as multi-dimensional time series data and the data information is fully utilized. Using
Transformer and LSTM at the same time to process the data obtained by capacitive sensor into time series data and
the two models are merged through Bayesian optimization, reduce the overall error, and enhance the stability and
reliability of the measurement. This method has stable performance in different aircraft attitudes, It is proved that the
complex mapping relationship between fuel data and aircraft fuel quantity can be obtained by the fuel measurement
method based on time series data.
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