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Fig.1 Performance comparison existing dehazing algorithms
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Fig.5 The visualization of the dehazing results of the

proposed model
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Table 1 Comparison between different algorithms on the
State—1K dataset
. W A% E
Jiid:
PSNR | SSIM | PSNR | SSIM | PSNR | SSIM
DCPL'! 13.15 | 07246 | 978 | 05735 | 1025 | 0.5850

DehazeNet 19.75 0.8950 18.12 0.8552 14.33 0.7064

UFormer!'” 25.79 0.9270 26.11 0.9308 25.15 0.9017

AECR!" 2291 0.8778 24.04 0.8794 20.61 0.8122

SkyGAN!"! 25.38 0.9248 25.58 0.9035 23.43 0.8925

ARSI 26.57 0.9351 26.28 0.9459 25.91 0.9314

2.3 EFESR
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Table 2 Comparison between different algorithms on

&4 HENAK

Table 4 Ablation experiments

the RICE Dataset Jri PSNR
Jrik PSNR SSIM TR e s e 32.86
MSBDN 24.58 0.8341 TS 138 kiR 32.47
RDNet?! 28.81 0.9193 e A 34.64
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SPA-GAN'! 3023 0.9540 BB | ERTRGE LT AN RSB RIS S FE B 4
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Table 3 Comparison between different algorithms for

complexity
Ik ZHR/MB | FLOPs/GB F#S/ HESR el
(Mi/s) (ms/ik)
MSBDN 31.35 83 142 70.29
RDNet 65.13 154 8.4 118.54
UFormer 50.88 89 10.6 94.55
AIDNet 20.32 98 13.5 74.12
ARSI 17.58 30 51.2 19.54
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Research on an Efficient Model for Dehazing in Aerial Images

Yang Yigian, Sun Weichao
Harbin Institute of Technology, Harbin 150001, China

Abstract: Image dehazing technology is dedicated to recovering clear haze-free images from those affected by haze.
Due to the influence of atmospheric conditions, aerial images are often subjected to haze interference, which
degrades image quality. Existing deep learning approaches often fall short in addressing the vast scenes and intricate
details found in aerial images. To tackle this challenge, an efficient dehazing model suitable for aerial images has
been developed. This model comprises two key components: a detail enhancement module and a haze adaptation
module. The detail enhancement module employs a multi-branch structure to enhance the network's ability to capture
detail features and simplifies the inference process through the reparameterization technique. The haze adaptation
module, on the other hand, utilizes local and global attention mechanisms to flexibly handle unevenly distributed haze
in the image, achieving better dehazing effects. Experimental validation has demonstrated that the proposed model
excels in dehazing performance and possesses high operational efficiency. The research outcomes not only provide a
fast and efficient solution for the field of aerial image dehazing but also hold significant implications for promoting the
application of subsequent related algorithms on aerial images.

Key Words: image dehazing; aerial images; deep learning; image restoration; computer vision
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