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Fig.1 Control system diagram of actuator
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Table 1 Two channels working conditions of spool position monitor
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Table 2 Training samples (in part)
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Redundant Actuator Intelligent Fault Diagnosis Based on PNN

XIA Liqun®, WANG Ke
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Abstract: A method is presented for actuator fault diagnosis based on probabilistic neural network (PNN). The design

scheme and defect of traditional spool displacement monitor are analyzed, and spool displacement monitor based on

PNN is constructed. Finally, simulations are made, the results show that spool displacement monitor based on PNN has

advanced ability for actuator fault diagnosis and significantly improves the accuracy of spool displacement monitor in dual

work condition. It can become an important method for actuator fault diagnosis and health management.
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